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Ship-target saliency detection via image fusion and
graph-based manifold ranking
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Abstract: Objects saliency detected by single-source image always include a lot of false alarm and leak
detection. This work proposes to simplify the feature points data first and then uses it to match the
multi-source images, after which we can get a mapping function between the couple images. The func-
tion is used to match the saliency results between the images so as to improve the object detection rate
and reduce the leak detection rate. For the saliency detection of the objects, this work propose to im-
prove the saliency detection via graph-based manifold ranking method by MSER. We firstly detect the
MSER regions and union the regions, which can make every region suit the request of that method.
And after the saliency detection of every union regions we sum the saliency maps by weight W. The
summing process unions the saliency objects well and can reduce the false alarm. But false alarm still
exist. This work propose to compute a false alarm controller to lower the false alarm by associating

the multi-fractal dim and Adaboost method, which works well for wave false alarm reduction but not
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so good for false alarms like the ships very much.
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